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Abstract-- How and why consumers come to trust
technology-mediated services is a question that sits at the
intersection of psychology, management, and information
systems and one that has acquired fresh urgency as digital
service delivery becomes the norm rather than the exception.
This paper develops a conceptual framework for
understanding consumer trust in technology-mediated
services, weaving together insights from classical trust theory,
technology acceptance research, and contemporary
scholarship on service design and digital ethics. Building on
Mayer et al.'s (1995) foundational model of trustworthiness,
McKnight and Chervany's (2001) multidimensional typology,
and Davis's (1989) Technology Acceptance Model, the
framework organizes trust antecedents into five clusters:
perceived competence and reliability, perceived benevolence
and consumer orientation, perceived transparency and
explainability, perceived risk and vulnerability, and
institutional and regulatory assurances. Each cluster is
examined through the lens of what makes technology-mediated
service relationships genuinely different from conventional
interpersonal or organizational ones including the opacity of
automated decision-making, the ambiguity of accountability,
and the peculiar dynamics of personalization at scale. The
framework traces how trusting beliefs, once formed, shape
behavioral outcomes including adoption intention, continued
engagement, willingness to share personal data, and word-of-
mouth advocacy. Crucially, these pathways are shown to be
moderated by individual disposition to trust, prior experience
with digital services, cultural orientation, and the stakes of the
service domain. Theoretical contributions include a cleaner
integration of institution-based and interpersonal trust
constructs, while practical guidance is offered to service
designers, managers, and policymakers invested in building
technology-mediated services that people can genuinely rely on.
Limitations are discussed and directions for future empirical
inquiry are proposed.
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I. INTRODUCTION

Something significant has shifted in how consumers
encounter services. Across virtually every sector retail,
banking, healthcare, logistics, entertainment the service
encounter has been transformed by digital intermediation.
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Consumers receive product recommendations calibrated
to their browsing patterns, interact with automated support
systems that handle routine queries, receive credit decisions
from algorithmic assessors, and rely on platform interfaces
that adapt in real time to inferred preferences. In each of
these cases, the traditional dyadic encounter between a
consumer and ahuman service provider has been partially or
wholly replaced by interactions with systems whose inner
workings are neither visible nor, for most consumers, readily
comprehensible.

This transformation raises a question that sits close to the
heart of service management: under these conditions, how
do consumers come to trust? Trust, it has long been argued,
is notmerely apsychological nicety it is the mechanism that
enables economic exchange under uncertainty, that makes
vulnerability bearable, and that allows strangers to transact
with one another (Mayer et al., 1995). In service contexts,
trust does the work of reducing the cognitive burden of
evaluation, sustaining engagement through moments of
ambiguity or error, and motivating consumers to share the
personal information that makes service personalization
possible. Without it, even technically superior service
systems struggle to deliver their value.

Despite a rich tradition of research on interpersonal and
organizational trust, and a growing body of work on
technology acceptance, a conceptual framework that
squarely addresses trust in technology-mediated services
integrating the structural features of digital service delivery
with the psychological dynamics of consumer trust remains
incomplete. Existing technology acceptance models were
largely designed for deterministic software tools, and their
application to contemporary service contexts leaves
important questions unanswered: Why do some consumers
extend trust readily to automated systems while others
resist? What happens when a system behaves unexpectedly
does trust collapse, or does it bend? How do regulatory
environments and organizational reputation shape consumer
confidence in systems whose operations they cannot directly
observe?

This paper attempts to address these questions through a
conceptual framework that draws on established theoretical
traditions while attending carefully to the distinctive features
of technology-mediated service delivery.
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Specifically, the framework: (a) synthesizes classical trust
theory and technology acceptance research into a coherent
account of trust formation; (b) identifies five antecedent
clusters that shape trustingbeliefs in digital service contexts;
(c) articulates how individual and cultural factors moderate
the antecedent-trust relationship; and (d) traces the
behavioral consequences of trust across a range of service-
relevant outcomes. The paperis intended not as a final word
on these questions but as a structured foundation for
empirical researchers and design practitioners who need a
conceptually grounded point of departure.

The paper proceeds as follows. Section 2 reviews the
theoretical foundations on which the framework is built.
Section 3 presents the framework as a whole. Sections 4
through 6 develop the antecedent clusters, Al-specific trust
determinants, and moderating variables in detail. Section 7
examines behavioral outcomes. Section 8 discusses
theoretical and practical implications. Section 9 addresses
limitations and future research directions before the
conclusion.

II. THEORETICAL FOUNDATIONS

Trust Theory

Any serious treatment of consumer trust must reckon with
the intellectual architecture that Mayer, Davis, and
Schoorman (1995) assembled in their integrative model of
organizational trust. Their definition trust as "the
willingness of a party to be vulnerable to the actions of
another party based on the expectation that the other will
perform a particular action important to the trustor,
irrespective of the ability to monitor or control that other
party" (p. 712) remains among the most useful in the
literature because it captures three elements that are often
glossed over separately: the willingness to accept
vulnerability, the grounding of that willingness in
expectation rather than certainty, and the suspension of
directoversight. These three elements travel well beyondthe
interpersonal context in which the model was originally
developed. When a consumer submitsa financial application
to an automated credit-scoring system, they are accepting
vulnerability, relying on expectations about how the system
will behave, and doing so without any realistic ability to
monitor the process Mayer et al.'s model, in other words,
fits the technology-mediated case almost as naturally as it
fits the manager-subordinate relationship for which it was
devised.

The model's identification of three trustworthiness
characteristics ability, benevolence, and integrity provides
the conceptual vocabulary for analyzing why a given party
is deemed trustworthy.
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Ability concerns whether the trustee can actually do what
is expected. Benevolence concerns whether the trustee is
genuinely motivated by the trustor's interests rather than
purely by self-interest. Integrity concerns whether the trustee
adheres to principles the trustor can accept. These
dimensions are analytically distinct a capable service
provider may be self-serving; a well-intentioned one may be
incompetent and that distinctness is valuable precisely
because different design and communication choices map
onto different dimensions.

McKnightand Chervany (2001) refined and extended this
framework in ways that are particularly relevant for the
present analysis. Their typology distinguished trusting
beliefs (cognitive assessments of trustworthiness
characteristics), trusting intentions (the willingness to
depend), and trusting behaviors (actual acts of dependence),
recognizing that the relationships among these are neither
automatic nor unconditional. They also foregrounded
institution-based trust confidence derived not from direct
assessment of a counterpart but from the structural
arrangements, regulatory frameworks, and third-party
guarantees that surround a transaction. In a world where
consumers interact with systems whose developers they will
never meet, institution-based trust is not a secondary
consideration; for many consumers, it is the primary basis on
which initial confidence is established.

Technology Acceptance and Its Limits

Davis's (1989) Technology Acceptance Model, with its
central propositions that perceived usefulness and perceived
ease of use drive adoption intention, has been among the
most empirically productive frameworks in the information
systems literature. Its parsimony is both its strength and its
limitation. The strength lies in the clarity of the core
propositions; the limitation lies in the model's original focus
on relatively straightforward workplace software tools
contexts in which performance was reasonably observable,
behavior was deterministic, and the relationship between
user and system was essentially instrumental.

Subsequent extensions have addressed some of these
limitations. Gefen et al. (2003) and Pavlou (2003)
demonstrated the importance of trust as an antecedent to
adoption in online and e-commerce contexts, showing that
willingness to transact is not simply a function of perceived
utility but is substantially shaped by relational and affective
factors. The UTAUT framework (Venkatesh et al., 2003)
incorporated social influence and facilitating conditions.
TAM?2 (Venkatesh & Davis, 2000) added subjective norms
and cognitive factors such as job relevance and output
quality. Each of these extensions enriched the model while
retaining its fundamentally utilitarian orientation.
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What these extensions do not fully address are the
properties that most sharply distinguish contemporary
technology-mediated services from the software tools that
motivated early acceptance research. Modern service
systems are oftenprobabilistic rather than deterministic they
produce outputs that vary across users and over time. They
are frequently opaque their decision logic is not exposed to
users and, in the case of complex machine-learning models,
may notbe fully interpretable evenby their developers. They
are dynamic they adaptbased on accumulated data, meaning
that their behavior today may differ from their behavior in
three months. And they introduce a peculiar form of
relational ambiguity sometimes presenting as human-like
interlocutors, sometimes operating silently in the
background, sometimes hovering somewhere in between
(Hancock etal.,2011). A conceptual framework adequate to
these conditions needs to integrate trust theory more deeply
than existing acceptance models have done.

What Is Distinctive About Technology-Mediated Services

It is worth being precise about what "technology-
mediated" adds to the service context, because the answer
shapes which theoretical constructs matter most. When a
service encounter is fully mediated by technology as when
a credit application is processed by an automated scoring
system, or when a medical symptom checker generates a
preliminary assessment several features of the encounter
change in trust-relevant ways.

First, the locus of agency shifts. In a conventional service
encounter, there is a human agent whose intentions,
competence, and integrity can in principle be assessed
through direct interaction and social cues. In a technology-
mediated encounter, agency is distributed across the system
architecture, the data on which it was trained, the engineers
who designed it, and the organization that deployed it.
Consumers may find it difficult to assign responsibility for
outcomes, and that difficulty has consequences for how trust
is calibrated and how it responds to failures (Wieringa,
2020).

Second, the transparency of the decision process changes.
Human service providers, even when their reasoning is
imperfect,can offer explanations. Automated systems canbe
designed to provide explanations, but the quality and
accessibility of those explanations varies enormously, and
for many consumers, the available explanations will be
either absent or difficult to interpret (Arrieta et al., 2020;
Gunning & Aha, 2019).

Third, the scale of personalization and the associated data
requirements change the privacy calculus of the service
relationship.
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Technology-mediated services often depend on extensive
data collection, and consumers are increasingly aware even
if imprecisely that their behavior within service systems
generates data that is used in ways they do not fully control
(Zuboff,2019). This awareness shapes how benevolence and
integrity are assessed.

The Proposed Conceptual Framework

The framework proposed here treats consumer trustas a
multidimensional psychological state that is shaped by
characteristics of the service system and its surrounding
context, channeled through the formation oftrusting beliefs,
and expressed in behavioral intentions and actions. It is
organized around three analytical layers: antecedents, trust
itself, and outcomes with moderating variables operating
across the antecedent-to-trust and trust-to-outcome
relationships.

Overview and Structure

At the center of the framework sits the consumer's
formation of trusting beliefs, understood in Mayer et al.'s
(1995) terms as assessments of competence, benevolence,
and integrity adapted here to fit the structural features of
technology-mediated services. These beliefs are not formed
in a vacuum: they are shaped by five antecedent clusters,
each capturing a distinct dimension of what makes a service
system worthy of trust. These clusters are: (1) perceived
competence and reliability; (2) perceived benevolence and
consumer orientation; (3) perceived transparency and
explainability; (4) perceivedrisk and vulnerability; and (5)
institutional and regulatory assurances. The first three
correspond broadly to the ability, benevolence, and integrity
dimensions of Mayer et al.'s model, with modifications
appropriate to the technology-mediated context. The fourth
and fifth add considerations that are not captured by that
model alone.

Trusting beliefs connect to behavioral outcomes through
two partially distinct pathways. The cognitive-calculative
pathway runs through assessments of utility, risk, and
institutional competence: consumers who believe a service
is reliable, backed by credible governance, and likely to
serve them well calculate a positive trust-to-adoption
relationship. The affective-relational pathway runs through
the sense of being genuinely cared for: consumers who feel
that a serviceis oriented toward their interests, that it treats
them fairly, and that it handles their information with
genuine respect, develop a warmer and more resilient form
of trust that sustains engagement and motivates advocacy.
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Four moderating variables individual disposition to trust,
prior experience with technology-mediated services, cultural
orientation, and service domain stakes shape both how
strongly antecedents generate trusting beliefs and how
strongly those beliefs translate into behavior.

Their inclusion acknowledges that the trust process is not
uniform across consumers or contexts, and that a framework
aspiring to generalizability must account for this
heterogeneity explicitly.

III. ANTECEDENTS OF CONSUMER TRUST

Perceived Competence and Reliability

At its most fundamental, trust in a service system begins
with a judgment about whether the system is capable of
doing what it is supposed to do. This is the ability dimension
of Mayer et al.'s (1995) model translated into a service
context, and it encompasses several interrelated
assessments: whether the system produces accurate or
appropriate outputs, whether it performs consistently across
conditions, and whether it degrades gracefully when it
encounters situations near the edges of its competence.

One important nuance is that consumer judgments of
competence do not necessarily track technical performance
closely. Consumers assess competence through the lens of
their own subjective experience whether an output "felt
right," whether the system responded in ways that seemed
sensible, whether errors were acknowledged and handled
responsibly. They also draw on indirect signals: the
reputation of the organization offering the service, the
reviews and endorsements of peers and experts, and the
confidence conveyed by the design and communication of
the service itself. This means that technically superior
systems can be trusted less than technically inferior ones if
they do a poor job of communicating their capabilities, and
that overconfident representations of competence tend to
produce sharp trust reductions when the inevitable errors
occur what researchers in human-automation interaction
call overtrust collapse (Parasuraman & Manzey, 2010; Lee
& See, 2004).

For service designers, the implication is not simply to
maximize technical performance but to calibrate consumer
expectations accurately and to handle service failures in
ways that demonstrate competence through recovery, not
just through initial accuracy. A system that errs occasionally
but handles those errors with transparency and
responsiveness may ultimately generate more durable trust
than one that performs flawlessly in ordinary conditions but
responds poorly when things go wrong.
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Perceived Benevolence and Consumer Orientation

Competence is necessary but not sufficient. Consumers
alsoneed to believe that the service is designed and operated
with their genuine interests in mind that the motivation
behind it is not purely organizational self-interest, but
includes meaningful concern for consumer welfare. This is
the benevolence dimension of the trust framework, and it
takes on a particular texture in commercial technology-
mediated services because the organizational incentive
structure is often not perfectly aligned with consumer
interest.

Personalization is the site where this tension is most
visibly played out. When a service tailors recommendations
to a consumer's apparent preferences, this can be
experienced as attentiveness evidence that the service is
paying attention to what the consumer actually needs. Awad
and Krishnan (2006) found that consumers do indeed
interpret personalization as a form of care, and that this
interpretation supports both trust and satisfaction. But
personalization depends on data collection, and consumers
increasingly understand if sometimes only vaguely that
their behavioral data is commercially valuable. When they
perceive that personalization is primarily a mechanism for
more effective commercial extraction rather than genuine
service enhancement, the apparent attentiveness inverts into
something more like surveillance, and benevolence
perceptions suffer accordingly. Zuboff's (2019)
"surveillance capitalism" captures the extreme of this
dynamic, but subtler versions of the same perception are
widely reported in consumer research on digital services.

One structural signal of genuine consumer orientation is
meaningful human oversight: the degree to which
consequential automated decisions are subjectto review by
human agents who can be held accountable for outcomes.
Services that build in such oversight particularly for
decisions with significant consequences for consumers
signal that organizational actors take responsibility for
systembehavior andare genuinely investedin fair outcomes,
not merely in operational efficiency (Dietvorst et al., 2015).

Perceived Transparency and Explainability

Transparency is a term that appears frequently in
discussions of digital service governance, but it is worth
unpacking because it covers several distinct things that have
different implications for trust. Operational transparency
concems what data a system uses and how it processes
information to arrive at outputs. Outcome transparency
concemns whether and how the system communicates the
basis for its outputs to the user.
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Organizational transparency concerns the governance
structures, accountability mechanisms, and decision-making
processes thatsurround the servicesystem (Wieringa, 2020).
Each of these dimensions can vary independently: a service
might be organizationally transparent publishing detailed
reports on its governance while remaining operationally
opaque at the point of the consumer interaction.

Explainability is the dimension of transparency that has
attracted the most attention in recent policy and research
discourse, and with good reason. A system that can tell a
consumer why it produced a particular output why a loan
application was declined, why a particular product was
recommended, why a diagnostic probability was calculated
as it was provides the consumer with a basis for evaluating
the decision that goes beyond simple acceptance or rejection
of the output. Even consumers who do not fully understand
a technical explanation derive some benefit from its
availability: it signals that the system operates according to
intelligible principles, that there is something to be
explained, and that the organization is willing to be
accountable for how its system reasons (Tintarev &
Masthoff, 2011).

The challenge is that genuine explainability is technically
demanding, and the explanations that are easiest to generate
are not always the most useful. A model that arrives at a
creditscore through hundreds of interacting variables cannot
truthfully be summarized in a sentence. Designers of
consumer-facing systems face a genuine dilemma between
accuracy and accessibility, and the resolution of that
dilemma matters for trust: oversimplified explanations that
misrepresenthow a systemactually works can be discovered
and, when they are, they damage trust more severely thanthe
absence of explanation would have done.

Perceived Risk and Vulnerability

Trust and risk occupy a peculiar theoretical relationship.
They are not simply opposites high trust does not mean zero
perceived risk, and low trust does not necessarily mean high
perceived risk. Rather, risk is the condition that makes trust
meaningful: it is because outcomes are uncertain, and
because the trustor is vulnerable to the trustee's behavior,
that the question of trust arises at all (Mayer et al., 1995;
Luhmann, 1979). In technology-mediated services,
consumer vulnerability takes several distinct forms.

Privacy risk the possibility that personal data will be
disclosed, misused, or monetized in ways the consumer has
not consented to is among the most salient concerns
consumers associate with digital services (Malhotra et al.,
2004; Dinev & Hart, 2006).
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Performance risk the chance that the service will make
errors with negative consequences looms larger in some
domains than others: misidentifying a music preference is
recoverable; misdiagnosing a medical symptom or
miscalculatinga creditscore is considerably less so. Thereis
also a less-discussed form of risk that is specific to service
systems that present as human-like interlocutors: the
psychological discomfort of interacting with something that
mimics human social behavior without possessing the
genuine subjectivity, accountability, or reciprocity that
human relationships entail (Morietal.,2012; Hancock etal.,
2011).

Perceived risk functions in the framework both as a direct
negative influence on trustingbeliefsand as a moderator that
amplifies the importance of other antecedents. In low-risk
service contexts, modest competence signals may be
sufficient to sustain engagement; in high-risk contexts, the
bar for competence, transparency, and institutional
assurance rises substantially. This asymmetry has important
design implications: services that operate in high-stakes
domains should invest disproportionately in the antecedents
of trust, not merely meet the threshold adequate for low-
stakes contexts.

Institutional and Regulatory Assurances

Many consumers who interact with technology-mediated
services do not have the technical knowledge, time, or
inclination to form detailed competence assessments from
first principles. They rely, instead, on the structural
arrangements that surround the service: the regulatory
framework governing its operation, the certifications it
carries, the reputation of the organization behind it, and the
third-party oversight mechanisms that are supposed to hold
it accountable. This is McKnight and Chervany's (2001)
institution-based trust, and in technology-mediated service
contextsitplaysarole thatindividual-level trustassessments
alone cannot fully substitute for.

Regulatory environments matter in this respect because
they determine what structural assurances are available to
consumers. In jurisdictions with robust data protection law,
consumers can draw some confidence from the knowledge
that services face legal consequences for data misuse,
regardless of their subjective assessment of organizational
intent. Industry self-regulatory mechanisms codes of
conduct, ethical certification schemes, independent audit
programs play a similar structural role, though their
effectiveness depends on the rigor of their standards and the
credibility of their enforcement (Floridi et al., 2018;
European Commission, 2021).
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The absence of credible institutional oversight does not
simply leave consumers without a source of structural
assurance; it increases their dependence on organizational
self-presentation marketing communications, brand
reputation thatis more susceptibleto manipulationand more
vulnerable to disconfirmation.

IV. TECHNOLOGY-SPECIFIC TRUST DETERMINANTS

Fairness and Non-Discrimination

One dimension of trustworthiness that classical trust
frameworks did not need to address in depth, because it was
less structurally salient in interpersonal or even
organizational relationships, is the fairness of automated
decision processes. When services use automated systemsto
allocate outcomes credit, insurance pricing, diagnostic
attention, content visibility consumers may experience or
suspect that these allocations are systematically skewed in
ways that disadvantage certain groups. Research has shown
that such perceptions, whether or not they are technically
accurate, significantly affect trust and willingness to engage
(Binns et al., 2018).

Whatmakes this dimension distinctive is that fairnessand
competence are analytically independent: a system can be
highly accurate on average while being systematically
inaccurate for particular sub-populations, and consumers
who belong to those sub-populations may correctly perceive
that the system does not serve them as well as it serves
others. The trust implications of this independence are
significant: aggregate performance metrics, of the kind that
organizations typically use to communicate system quality,
do not adequately address individual or group-level fairness
concerns. Communicating about fairness what the service
does to detect and mitigate differential performance, what
recourse consumers have if they believe they have been
treated unfairly requires a different kind of transparency
than competence signaling does.

V. DATA PRIVACY AND STEWARDSHIP

The relationship between data practices and consumer
trust in technology-mediated services is not simply a matter
of privacy policy compliance. Consumers bring to digital
service encounters a complex set of attitudes about what
constitutes appropriate data collection and use shaped by
their general privacy orientations, their prior experiences
with digital services, their awareness of publicized data
incidents, and their (often imperfect) mental models of how
digital services work. These attitudes do not map neatly onto
regulatory definitions of permissible data processing.
Privacy calculus theory (Dinev & Hart, 2006) frames
consumer data sharing as a trade-off: the perceived benefits
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of sharing better recommendations, more personalized
service, smoother interactions weighed against the
perceived privacy costs. Trust in the service organization
moderates this calculation: consumers who trust the service
to handle their data responsibly are more willing to share,
generating better service experiences, which in turn can
reinforce trust. This virtuous dynamic runsin reverse when
trust is damaged: privacy incidents or revelations of
unauthorized data use can produce rapid and severe trust
withdrawal, with effectsthat extend well beyondthe specific
incident to shape attitudes toward the service and similar
services more broadly.

What this suggests for service design is that privacy is not
simply a compliance matter but a trust matter and that the
way organizations communicate about data practices,
respond to privacy concems, and handle incidents has first-
order consequences for the relational foundation on which
their service rests.

VI. THE QUALITY OF HUMAN-TECHNOLOGY
INTERACTION

As conversational interfaces, intelligent assistants, and
socially responsive service agents become more prevalent,
the quality of the interaction between consumer and system
assumes increasing importance as a trust determinant.
Interaction quality in this sense encompasses several things:
whether the system responds in ways that are contextually
appropriate; whether it uses natural language in ways that
feel fluent rather than stilted; whether it handles emotional
content in consumer messages with appropriate sensitivity;
and whether it accurately signals the limits of its own
knowledge and competence rather than projecting false
confidence.

There is a design paradox lurking here that service
designers should take seriously. Systems that present as
highly human-like that use natural conversational register,
that appear to "remember" past interactions, that express
something resembling concern for the consumer's wellbeing
may generate higher initial engagementand trust. But they
also import, implicitly, the normative expectations that
attach to human relationships: expectations of genuine
understanding, of real accountability, of reciprocal care.
When these expectations are violated when the "caring"
assistant gives a generic responsethat clearly does notreflect
understanding of the consumer's situation, or when the
"attentive" agent fails to recall something it appeared to
know the trust damage can be disproportionate to the
objective severity of the failure, because the violation is
experienced as a form of deception rather than mere
technical limitation (Hancock et al., 2011; Fogg, 2002).
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VII. MODERATING VARIABLES

Individual Disposition to Trust

Not everyone enters a new service relationship with the
same baseline inclination to trust. Disposition to trust the
stable individual tendency to believe that others, including
organizational and technological others, can generally be
relied upon has been consistently shown to moderate the
relationship between trustworthiness signals and actual
trusting beliefs (McKnight et al., 2002). High-trust-
disposition individuals are more willing to extend initial
confidence to an unfamiliar service based on limited
evidence, and they tend to interpret ambiguous system
behavior in charitable terms. Low-trust-disposition
individualsrequire moreand stronger signalsbefore forming
positive trusting beliefs, and they are quicker to interpret
ambiguity as cause for concern.

This individual difference has practical consequences.
Services that target consumer segments with systematically
lower trust dispositions perhaps because those segments
have historical reasons for wariness about institutional
systems should not simply apply the same trust-building
strategy and expect equivalent results. The investment
required to achieve comparable levels of consumer
confidence will be higher, and the signals that are most
credible to high-disposition-trust consumers (brand
reputation, marketing communications) may be less
effective than more verifiable structural assurances
(regulatory compliance, independent audits, transparent
performance records).

Prior Experience With Digital Services

Experience with technology-mediated services shapes
trust through at least two mechanisms. First, it builds
familiarity consumers with more extensive prior experience
tend to develop more accurate mental models of how digital
services work, which allows them to calibrate their trust
beliefs more precisely and to interpret system behavior with
greater sophistication. Second, it generates a track record
accumulated experiences of whether services have, in fact,
been competent, fair, and appropriately oriented toward
consumer interests. A consumer who has had uniformly
positive prior experiences may extend trust to new services
more readily; one who has had significant negative
experiences may carry those into new relationships as
heightened vigilance or generalized skepticism.

It shouldnot be assumed that greater experience always
produces higher trust. Research on algorithm aversion
(Dietvorst et al., 2015) suggests that witnessing an
automated system make errors can produce
disproportionately severe trust reduction relative to
equivalent errors by human service providers.
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If prior experience includes salient failures, it may
produce a more guarded consumer who demands stronger
competence signals and more explicitaccountability than a
less experienced consumer would require.

Cultural Orientation

Culture shapes trust in ways that matter considerably for
service design, particularly when services are deployed
across national or regional contexts with meaningfully
different cultural profiles. Hofstede's (1980) dimensional
framework offers a useful initial vocabulary: consumers
from high-uncertainty-avoidance cultures may place greater
weight on formal institutional assurances and regulatory
compliance as bases for trust; those from high-power-
distance cultures may extend trust differentially depending
on whether the service is associated with recognized
authority; those from collectivist cultures may be more
heavily influenced by social consensus and peer adoption in
forming their trust assessments.

These patterns have direct implications for how trust-
building strategies need to be adapted across markets. An
approach to communicating system competence that works
well in a low-uncertainty-avoidance market informal,
example-based, relying on consumer experience as the test
of quality may be insufficient in a high-uncertainty-
avoidance context where formal certificationsandregulatory
backing carry much more weight. Similarly, privacy
communication that resonates with the individualist
consumer's sense of personal control may not address the
collectivist consumer’s concern about community-level data
implications. Cross-national validation of trust frameworks,
and cross-culturally sensitive service design, are important
directions for future work in this area.

Service Domain and Stakes

The domain in which a service operates, and the
associated consequences of service failure, substantially
moderate both how consumers evaluate trust antecedents
and how strongly theirtrust beliefs translate into behavior.
In  low-stakes hedonic contexts entertainment
recommendations, social media curation, aesthetic
personalization perceived competence and enjoyable
interaction quality may be sufficient to sustain engagement,
and consumers may be relatively tolerant of errors. In high-
stakes utilitarian contexts financial advice, medical
information, legal guidance, employability assessment the
threshold for trusting beliefs is higher, the weight of
institutional assurance and transparent accountability is
greater, and the consequences of trust violations are more
severe and more lasting,
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One particularly important stake-related phenomenon is
what might be called trust contagion across domains: a
significant failure in a high-stakes service context can erode
consumer confidence not only in the specific service but in
technology-mediated services in the same domain more
broadly, and sometimes in technology-mediated services in
general. The domain-specificity of trust damage, and the
conditions under which it spills across domain boundaries,
is an important and underexplored question.

VIII. BEHAVIORAL OUTCOMES OF CONSUMER TRUST

Adoption Intention

The relationship between trust and adoption intention has
been extensively documented, particularly in the e-
commerce and online service literatures (Gefen et al., 2003;
Pavlou, 2003). Trust reduces perceived risk, elevates
perceived utility, and lowers the psychological cost of
engaging with an unfamiliar service system. The present
framework adds a nuance to this well-established
relationship: the magnitude of the trust-to-adoption effect is
not constant across service contexts, but is proportional to
the perceived stakes of the service. In low-stakes contexts,
the adoption decision is largely driven by utilitarian
assessments of value and ease; trust becomes a dominant
driver primarily where the potential costs of misplaced
confidence are substantial. This domain-conditioned effect
of trust on adoption has implications for how organizations
should allocate their trust-building investments: resources
spent demonstrating trustworthiness in low-stakes contexts
may yield smaller adoption gains than equivalent
investments in high-stakes ones.

Continued Engagement and Loyalty

There is an important and often underappreciated
distinction between the trust that motivates initial adoption
and the trust that sustains continued engagement. The two
may draw on related but distinct antecedents. Initial trust is
often formed under conditions of uncertainty and
information scarcity consumers rely heavily on institutional
assurances, brand reputation, and the surface features of the
service interface. Maintenance trust develops through
accumulated experience, and it is tested by the moments
when service systems behave unexpectedly, err, or fail to
meet the expectations they have generated. Research
suggests that perceived transparency and the handling of
errors become more important determinants of continued
engagement over time, as consumers develop the
experiential base to form more nuanced assessments of
system behavior (Lee & See, 2004).
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For service organizations, this distinction suggests that
the investmentin trust needs to be ongoing rather than front-
loaded. Building initial confidence through credible signals
of competence and institutional assurance is necessary but
not sufficient; maintaining confidence requires consistent
transparency about system behavior and limitations, and
responsive handling of the service failures that will,
inevitably, occur.

Willingness to Share Personal Data

A behavioral outcomethat is distinctive to data-dependent
technology-mediated services is the consumer's willingness
to share personal information with the service system. This
is consequential because the quality of personalized services
generally improves with data availability, creating a direct
connection between consumer data-sharing behavior and
service performance. Consumers who trust the service are
more likely to share data; better data supports better
personalization;  better  personalization  reinforces
competence and benevolence perceptions; and strengthened
trust perceptions further increase data-sharing willingness.
This positive feedback loop means that trustis not merely an
outcome of service quality buta direct input to it, and that
eroding trust through data misuse or privacy incidents does
not simply affect consumer sentiment it degrades the data
supply on which service quality depends.

Advocacy and Social Influence

Consumers who develop strong and positive trusting
relationships with technology-mediated services do not
simply continue using them; they talk about them. Word-of-
mouth advocacy recommending a service to others, sharing
positive experiences, defending the service against criticism
is among the most commercially valuable outcomes of
consumer trust. In the framework proposed here, advocacy
is most strongly predicted by benevolence-based trusting
beliefs: consumers who feel that a service is genuinely
oriented toward their interests, that it treats them fairly, and
that it handles their data with respect are more likely to
represent it positively to others than consumers who merely
find it technically competent. This distinction matters for
communication strategy: messages that emphasize technical
performance may drive adoption but may not generate the
relational warmth that motivates advocacy.

IX. THEORETICAL AND PRACTICAL IMPLICATIONS

Theoretical Contributions

This framework makes several contributions to the
theoretical conversation about trust and technology-
mediated services.
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The first is integrative: by connecting classical trust
theory, technology acceptance research, and emerging
scholarship on digital service design and governance, the
framework provides a more complete account of how trust
forms, develops, and produces behavioral consequences in
technology-mediated service contexts than any single strand
of'this literature can offer on its own. The explicit treatment
of institution-based trust alongside individual-level trusting
beliefs addresses a gap in technology acceptance research,
which has historically focused on individual psychology
while treating organizational and regulatory context as
background conditions rather than trust-relevant variables.

Second, the framework's distinction between formation
trust and maintenance trust introduces a temporal dimension
that is largely absent from the cross-sectional studies that
dominate the technology acceptance literature. This
distinction has testable implications: the relative weights of
different antecedents should shift over the consumer
relationship lifecycle, with institutional assurance and
surface competence signals more important early, and
transparency and error handling more important later.
Longitudinal research designs are needed to test these
propositions.

Third, the explicit treatment of moderating variables
particularly cultural orientation calls for more contextually
sensitive research approaches. Much of the trust and
technology acceptance literature has been conducted with
student or university-affiliated samples in Western contexts;
the generalizability of its findings to other consumer
populations and cultural contexts is an open and important
question.

Practical Implications for Service Design

For organizations designing and deploying technology-
mediated services, the framework generates several concrete
implications. On competence signaling: rather than relying
on aggregate performance claims that consumers may not be
able to verify, organizations should invest in transparent,
accessible performance metrics accuracy rates, error
frequencies, comparison benchmarks that support genuine
consumer assessment rather than requiring consumers to
simply take competence on faith. Where service errors
occur, the way they are handled acknowledged, explained,
and addressed is as important for trust maintenance as the
absolute error rate.

On transparency design: the framework supports
investment in layered explanation interfaces that provide
varying levels of detail about system behavior, calibrated to
theneeds andliteracy levels of different consumer segments.
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Such layering requires genuine investment in explanation
quality not simply the generation of plausible-sounding
accounts, but the development of explanations that
accurately reflect system behavior and help consumers make
better-informed decisions about whetherand how to rely on
the service.

On data stewardship: privacy commitments should be
treated as a fundamental design constraint, not an
afterthought addressed in policy disclosures that consumers
rarely read. Organizations that embed meaningful data
minimization, transparent consent mechanisms, and genuine
accountability for data practices into their service
architecture rather than simply satisfying regulatory
minimums will build a more resilient form of consumer trust
than those that treat privacy compliance as a box-ticking
exercise.

Policy Implications

The framework highlights the systemic importance of
regulatory and institutional environments in enabling
consumer trustat scale. Individual organizations can invest
in trust-building practices, but the structural conditions that
make those practices credible enforceable data protection
standards, mandatory transparency disclosures for high-
stakes automated decisions, independent audit mechanisms
require public intervention. The risk-based architecture of
the European Union's Al Act, which imposes stricter
obligations on automated systems used in high-stakes
contexts, reflects an approach broadly consistent with the
framework's proposition that institutional assurances are
most critical where consumer vulnerability is greatest.
Whether or not this specific regulatory model proves to be
the right one, the underlying principle thatthe institutional
environment should be calibrated to the stakes of the service
domain has general validity.

X. LIMITATIONS AND FUTURE RESEARCH

Several limitations of the present paper should be
honestly acknowledged. Most fundamentally, the
framework is conceptual rather than empirical: its
propositions are theoretically grounded and logically
coherent, but they have not been tested against consumer
data. The framework is offered as a foundation for empirical
research, not as a substitute for it.

The literature on which the framework draws is
predominantly Western, and many of the empirical studies
on which its propositions rest were conducted with
convenience samples students or digitally active adults in
North America and Western Europe that are not
representative of the global consumer population.
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The cross-cultural moderating variables identified in the
framework have themselves been underresearched in digital
service trust contexts; their effects should not simply be
inferred from Hofstede's dimensional framework but should
be investigated directly in specific service contexts and
consumer populations.

The framework also treats trust as a relatively stable
psychological state at any given moment, whereas emerging
research suggests that consumer trust in technology-
mediated services may be more dynamic and volatile than
this representation implies subject to rapid revision in
response to salient incidents, media coverage, or shifts in the
broader social discourse about digital service governance.
Capturing these dynamics requires methodological
approaches longitudinal surveys, experience sampling,
event study designs that are rarely used in the technology
acceptance literature.

The social embedding of trust deserves more attention
than the framework gives it. Consumers do not form trust
beliefs in isolation; they are embedded in social networks
whose members share information about service
experiences, in media environments that shape collective
narratives about the trustworthiness of digital service
providers, and in institutional contexts that confer or
withdraw legitimacy from particular service practices. A
fully adequate account of technology-mediated service trust
will need to incorporate these social dynamics, which the
present framework treats as background rather than as
structural variables.

Finally, the framework focuses on service contexts in
which consumers are directly aware of their interaction with
a technology-mediated system. There are important service
contexts — fraud detection, content moderation, logistics
optimization in which automated systems affect consumer
outcomes without the consumer's direct awareness. The trust
dynamics of these "background" systems, and the question
of what trust even means in such contexts, represent a
theoretically interesting frontier that the present framework
does not address.

XI.

Trustisnota problemto be solvedbutarelationshipto be
built and rebuilt, through each interaction that confirms or
challenges the expectations on which confidence rests. In
technology-mediated service contexts, building that
relationship is genuinely difficult: the systems consumers
interact with are often opaque, their accountability structures
are diffuse, and the data practices that underpin their
operation are frequently misunderstood or not understood at
all. Yet the difficulty of the task does not diminish its
importance.

CONCLUSION
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Services that fail to generate genuine consumer trust will
struggle to realize their value, no matter how technically
sophisticated they are, because consumers who do not trust
a service will notengage with it fully, will notshare the data
it needs to serve them well, and will not recommend it to
others.

The framework proposed in this paper is an attempt to
give that task a clearer conceptual shape to identify the
dimensions of trustworthiness that matter in technology-
mediatedservice contexts, the individual and cultural factors
that moderate how those dimensions are assessed, and the
behavioral pathways through which trust manifests in
service engagement. It is a beginning, not an end: the
propositions it generates need empirical testing across
diverse contexts and consumer populations, and the
framework itself will need refinement as the landscape of
technology-mediated services continues to evolve.

What seems unlikely to change is the fundamental
importance ofthe question. As longas services are delivered
through systems whose workings consumers cannot fully
observe or control, the conditions under which those
consumers can reasonably extend their confidence will
remain a matter ofboth scholarly and practical urgency. The
hope expressed in this paper is that a more rigorous
conceptual foundation will help researchers, designers, and
policymakers build services that earn the trust they seek.
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