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Abstract—ChatGPT, introduced as a public ―research 

preview‖ on November 30, 2022, rapidly evolved from a text 

focused conversational system into a multi modal, tool using 

platform used across education, industry, government, and 

personal productivity. This paper provides a structured, end 

to end review of ChatGPT ―editions‖ (interpreted as major 

platform/model generations powering ChatGPT) from the 

first public release (GPT 3.5–based ChatGPT) to the current 

generation (GPT 5.2–powered ChatGPT, as of December 

2025). The study synthesizes model evolution (GPT 3.5 → 

GPT 4 → GPT 4o → GPT 5 series), interface and capability 

expansion (vision, voice, image generation, agents/tools), 

safety and governance measures (alignment, refusal training, 

system cards), evaluation strategies (benchmarks, reliability, 

hallucination management), and societal impacts (education, 

labor markets, misinformation, and policy). Finally, the paper 

outlines research gaps and future directions such as verifiable 

generation, privacy preserving personalization, robust 

evaluation for real world tasks, and aligned autonomy. 
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I. INTRODUCTION 

The emergence of large language models (LLMs) has 

altered how humans interact with computing systems. 

Instead of learning syntax heavy interfaces, users 

increasingly rely on natural language prompts to perform 

tasks such as drafting text, debugging code, summarizing 

documents, generating study materials, and performing 

data reasoning. ChatGPT—developed by OpenAI—became 

a pivotal system in this shift, combining instruction 

following behavior with conversational memory like 

context handling and safety constraints. 

Open AI introduced ChatGPT on November 30, 2022, 

describing it as a conversational model fine-tuned from the 

GPT 3.5 series.  This initial ―edition‖ emphasized 

interactive dialogue, error correction through follows up 

prompts, and a broadly helpful assistant persona. Within 

months, major upgrades introduced stronger reasoning, 

multimodal inputs, and expanded product features.  

 

 

Open AI’s GPT 4 milestone (March 2023) marked a 

notable shift toward higher capability and broader 

professional benchmark performance.  

A second major turning point came with GPT 4o 

(―omni‖), which explicitly framed a unified model that can 

reason across text, vision, and audio in real time.  By 2025, 

the platform had progressed further into ―tool using‖ and 

workflow-oriented capabilities, culminating in GPT 5 and 

subsequent iterations such as GPT 5.2 that emphasize long 

context handling, structured multi step work, and 

productivity in complex tasks.  

What this paper means by ―1st edition to current edition‖ 

Unlike traditional software with numbered ―editions,‖ 

ChatGPT evolves through: 

Core model generation updates (GPT 3.5, GPT 4, GPT 4o, 

GPT 5.x, etc.) 

Product capability releases (voice, vision, image 

generation, tools, store/agents, UI changes) 

Safety policy and evaluation updates (system cards, 

mitigations, refusal tuning) 

Therefore, in this paper, ―edition‖ refers to major model 

and platform eras that define what ChatGPT can do and 

how it is deployed. 

II. METHODOLOGY (REVIEW APPROACH) 

This paper uses a narrative literature review approach 

grounded in primary sources: OpenAI release posts, 

technical reports, system cards, and official product release 

notes. OpenAI’s public technical documentation (e.g., the 

GPT 4 Technical Report) is treated as a key reference for 

model capabilities, limitations, and evaluation framing.  

To maintain temporal accuracy, the review also uses 

Open AI Help Center release notes for ChatGPT and 

publicly dated announcements (e.g., GPT 4o launch post). 

Secondary sources (e.g., high quality journalism) are used 

only to supplement context about rollout and market 

implications—while primary OpenAI sources remain the 

backbone. 
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III. EVOLUTION TIMELINE: CHATGPT EDITIONS AND 

MILESTONES 

3.1 Edition 1: ChatGPT (GPT 3.5 era, 2022–2023) 

The first public ChatGPT was built on the GPT 3.5 

series and presented as a ―research preview.‖  Key 

characteristics of this era included: 

Conversational instruction following: Users could refine 

responses through follow up questions. 

RLHF alignment: ChatGPT behavior was shaped using 

human feedback to improve helpfulness and reduce 

harmful outputs. (OpenAI’s introductory post outlines fine 

tuning origins in GPT 3.5 and the general training 

philosophy.)  

Limitations: hallucination (confidently incorrect answers), 

inconsistent reasoning, and brittle adherence to constraints. 

These limitations later became central drivers for 

evaluation research and safety system development. 

Despite limitations, ChatGPT’s usability triggered large 

scale adoption and rapid integration into education, coding 

workflows, customer support, and content drafting. This 

adoption also created immediate governance tensions: 

academic integrity, plagiarism, and misinformation risks. 

3.2 Edition 2: GPT 4 era (2023–2024) 

GPT 4 represented an important capability leap. OpenAI 

described GPT 4 as a ―large multimodal model‖ that 

accepts image and text inputs and produces text outputs, 

and highlighted strong performance on professional and 

academic benchmarks.  

Notable changes in the GPT 4 era: 

Improved reasoning and reliability relative to GPT 3.5. 

Better performance on complex tasks such as legal style 

exams and structured problem solving (as described in 

OpenAI’s GPT 4 materials).  

Stronger safety research culture, including expanded 

model evaluations and ―system card‖ style reporting to 

communicate risks and mitigations.  

This era also saw product level improvements like 

broader plugin/tool experimentation (industry wide), 

though ―tool use‖ later matured substantially. 

3.3 Edition 3: GPT 4o (―Omni‖) and multi-modality 

(2024–2025) 

GPT 4o was positioned as a flagship model capable of 

reasoning across audio, vision, and text, enabling more 

natural interaction modes such as voice conversations and 

real time multimodal assistance.  

Key contributions of this edition: 

Unified multimodal interaction: a move toward more 

human like conversation patterns and ―show and tell‖ 

workflows (e.g., user shares an image; model explains). 

Safety system transparency: GPT 4o was accompanied by a 

system card that discusses safety evaluations, limitations, 

and mitigation approach across modalities.  

Wider availability: OpenAI described bringing GPT 4o and 

additional tools to free users, indicating a product strategy 

shift toward broad platform adoption.  

3.4 Edition 4: GPT 5 and GPT 5.2—productivity, long 

context, and multi step work (2025–current) 

By 2025, the framing of ChatGPT increasingly 

emphasized end to end professional workflows: creating 

spreadsheets, building presentations, writing and 

refactoring code, reasoning over longer contexts, and 

managing multi step tasks. Reuters reported GPT 5.2 as 

improving general intelligence, coding, and long context 

understanding, with rollouts across ChatGPT paid plans 

beginning December 2025. OpenAI’s research index also 

reflects ongoing GPT 5 era releases and product evolution.  

In short, the current ―edition‖ is not only a stronger 

model—it is an ecosystem of: multi modal interaction, 

tool/agent features, enterprise and education deployment, 

and safety governance as a continuous lifecycle rather than 

a one-time release. 

IV. ARCHITECTURE AND TRAINING: HOW CHATGPT 

WORKS (CONCEPTUAL VIEW) 

While Open AI does not disclose complete training 

datasets or parameter counts for advanced models, the 

functional architecture of ChatGPT can be understood 

through three interacting layers: 

A. Base pretraining (foundation model) 

A transformer based neural network is trained on large 

scale text (and for multimodal models, paired text 

image/audio representations) to predict the next token. This 

produces general language competence and broad 

knowledge patterns. 

B. Instruction tuning 

The model is further trained on instruction response 

pairs to better follow user intent. This step improves 

usefulness and structured responses. 
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C. Alignment via human feedback and safety tuning 

Methods such as reinforcement learning from human 

feedback (RLHF) and related alignment methods steer 

behavior toward helpfulness and safety. OpenAI’s 

―Introducing ChatGPT‖ describes ChatGPT as fine-tuned 

from GPT 3.5 and provides high level context about 

training and alignment.  

Multimodality as a design shift 

GPT 4 introduced multimodality (image + text input), 

and GPT 4o expanded to a more integrated ―omni‖ framing 

across audio, vision, and text.  This shift has deep 

implications: 

The system must align and filter not only text outputs 

but also audio behavior, image interpretation, and cross 

modal reasoning. 

Safety evaluation must expand from text toxicity and 

jailbreak patterns to multimodal manipulation risks (e.g., 

images used to trigger unsafe instructions). 

Open AI’s GPT 4o system card explicitly focuses on 

evaluation across these categories. 

V. CAPABILITIES ACROSS EDITIONS 

5.1 Language understanding and generation 

Across editions, improvements include: 

• Stronger instruction following 

• More coherent long form writing 

• Better multi turn consistency 

• Improved structured output 

GPT 4 era reports emphasize improved performance on 

challenging professional benchmarks relative to GPT 3.5.  

5.2 Reasoning and problem solving 

Modern ChatGPT editions emphasize ―reasoning,‖ but it 

is best understood as: Better decomposition of tasks, 

Improved consistency under constraints and better tool 

integration (where the model delegates steps to calculators, 

code execution, search, or document tools). 

5.3 Code generation and software assistance 

ChatGPT became widely used for code explanation, 

debugging, test generation, refactoring, and learning 

programming. Yet it can still generate subtle bugs, insecure 

patterns, or incorrect assumptions. As models improved, 

the focus shifted from ―can it write code?‖ to ―can it 

reliably engineer software under constraints and verify its 

outputs?‖ 

 

 

5.4 Multimodal assistance 

With GPT 4 and GPT 4o: users can provide images for 

analysis, use voice interaction modes, and increasingly mix 

modalities in workflows. 

VI. PRODUCT ECOSYSTEM: FEATURES BEYOND THE CORE 

MODEL 

ChatGPT’s impact is not explained by model capability 

alone. Key platform components include: 

6.1 Release notes and continuous product iteration 

Open AI maintains ongoing product release notes 

documenting frequent updates (UI, features, model 

rollouts). This continuous iteration matters because user 

experience improvements (memory, tools, UI) can 

significantly increase real world usefulness even when 

model changes are subtle. 

6.2 API and developer platform coupling 

ChatGPT and the Open AI API co evolved. For instance, 

OpenAI’s API announcements and deprecation policies 

influenced how developers embedded chat based systems 

into products, accelerating a broader ecosystem of 

―ChatGPT like‖ assistants. 

6.3 Tool use and workflow automation 

The current direction of ChatGPT emphasizes end to end 

task completion. Reporting on GPT 5.2 highlights 

improved multi step project handling and productivity tasks 

such as spreadsheets and presentations. This reflects an 

―LLM as a workflow engine‖ paradigm: the model is not 

just answering questions; it is coordinating steps. 

VII. USE CASES AND IMPACT ACROSS SECTORS 

7.1 Education 

Benefits: 

• Individualized tutoring and explanation 

• Lesson planning and question generation 

• Language learning and writing support. 

Risks: 

• Plagiarism and contract cheating 

• Overreliance and reduced skill formation 

• Inaccurate explanations presented confidently. 

A best practice approach is not banning outright but 

designing assessment formats that prioritize process, oral 

defense, and authentic tasks. 
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7.2 Healthcare (non diagnostic support) 

ChatGPT can summarize health information, provide 

patient friendly explanations, and assist with administrative 

drafting. However, it must not be treated as a clinical 

authority: hallucinations and outdated information create 

risks, and privacy constraints are critical. 

7.3 Business and productivity 

The strongest adoption has occurred in: drafting and 

rewriting communications, customer support triage, 

meeting summarization, data interpretation and reporting. 

GPT 5.2 reporting explicitly emphasizes productivity 

gains in professional knowledge work tasks.  

7.4 Research and academia 

ChatGPT helps researchers: draft literature summaries, 

brainstorm research questions, generate outlines and 

presentations, write code for analysis. 

Yet it can fabricate citations or misrepresent papers 

making verification workflows essential. 

VIII. EVALUATION: HOW TO MEASURE CHATGPT 

QUALITY 

Traditional NLP evaluation (BLEU/ROUGE) is 

insufficient for conversational assistants. Modern 

evaluation must include: 

Accuracy and factuality 

Measured via curated question sets, retrieval grounded 

tasks, and citation requirements. 

Robustness 

Tests for prompt injection, adversarial jailbreaks, and 

ambiguity handling. 

Helpfulness and instruction following 

Measures adherence to constraints, format requirements, 

and user intent. 

Safety metrics 

Toxicity, self-harm content handling, extremist content 

refusal, privacy leakage, and disallowed instruction 

compliance. 

Open AI system cards and technical reports demonstrate 

a trend toward documenting such evaluation regimes.  

 

 

 

IX. SAFETY, ALIGNMENT, AND GOVERNANCE 

9.1 Core safety challenges 

Hallucination: fluent but false outputs. 

Bias and stereotyping: uneven performance across 

languages and demographics (discussed in safety 

documentation for GPT 4). 

Misinformation: persuasive generation can scale 

propaganda or scams. 

Privacy and data leakage: sensitive prompts can be 

mishandled if systems are misconfigured. 

Autonomy risks: tool using agents can cause real world 

harm if not properly constrained. 

9.2 Safety reporting and transparency 

GPT 4 and GPT 4o releases emphasize formal reporting 

and evaluation (technical report, system card).  This trend 

is crucial: it shifts safety from a ―trust us‖ approach to a 

more auditable practice, though third party auditing 

remains an ongoing need. 

X. RESEARCH GAPS AND FUTURE DIRECTIONS 

Verifiable generation and citations by default 

Systems should distinguish ―known from sources‖ vs 

―inferred.‖ Citation grounded outputs (with retrieval) 

reduce hallucination risk. 

Real world benchmark design 

Many benchmarks measure isolated tasks, not 

workflows. The future needs end to end evaluation: ―Can 

the assistant complete a project with constraints and 

checks?‖ 

Privacy preserving personalization 

Users want personalization without surveillance. 

Techniques like on device memory, user-controlled 

profiles, and encrypted preference stores are promising 

directions. 

Aligned autonomy 

As ChatGPT becomes more agentic (multi step task 

execution), alignment must cover planning, delegation, and 

tool safety—especially under adversarial prompts. 

Multimodal safety 

Voice and vision introduce new threat surfaces: 

impersonation, manipulated images, social engineering, 

and audio-based coercion. GPT 4o’s multimodal framing 

makes this an urgent research area.  
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XI. CONCLUSION 

From its first public release (GPT 3.5 based ChatGPT) to 

the current GPT 5.2 era, ChatGPT has undergone a rapid 

transformation: improving core reasoning and reliability, 

adding multimodal interfaces, expanding into tool using 

productivity workflows, and institutionalizing safety 

reporting and continuous evaluation. Primary OpenAI 

publications demonstrate a progression from ―research 

preview‖ to a mature platform with frequent feature 

iteration and growing enterprise relevance.  

However, the same strengths that make ChatGPT 

broadly useful generality, fluency, and adaptability also 

create risks: misinformation, hallucination, misuse at scale, 

and overreliance. The next phase of research should 

prioritize verifiability, privacy preserving personalization, 

robust workflow evaluation, and aligned autonomy. If these 

challenges are met, ChatGPT like systems can become 

reliable collaborators across education, industry, and 

scientific discovery without compromising safety and trust. 
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